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- Significantly better than [Li et al., 2014] (Wilcoxon test p < 0.001)

» Outlier detection
- Competitive results with two specialized methods
[Tax and Duin, 2008]
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Conclusion

e General technique to perform:
» Cautious classification

» Outlier detection
» Classification with confidence

e Comparable and better results than special purpose approaches

e Model agnostic
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